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Applications:  Regularization Sedimentation Velocity
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Applications:  Regularization Sedimentation Velocity
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Applications:  Multi-Signal SV Analysis Sedimentation Velocity

with multiple signals aλ(r,t): sedimentation coefficient distributions of component k
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aλ(r,t)  sedimentation signal at wavelength λ (or RI)
εkλ extinction coefficient of component k at signal λ 
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mix IgG and aldolase

RI 280 nm 250 nm

multi-λ ck(s) from mixturestandard c(s) for each λ separately
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Spectral resolution → hydrodynamic resolution!
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binding of Grb2 and Sos1 to LAT1pY

Grb2 24 μM
LAT1pY 12 μMLAT1pY 12 μM
Sos1 12 μM
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∫∫ d dDtDLDCt )()()( : SolEqLammL

Applications:  Multi-Method Size-And-Shape Analysis Sedimentation Velocity
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Oligomerized D1-D2 construct
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One of Many Problems:  Solution With Fewest Discrete Species? Sedimentation Velocity

IgG
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data fit as size-and-shape distribution

( ) ( )
min min

1( , ) , , , ,r r r
s f

f f fχ∫ ∫

no regularization
lack of resolution of diffusion dimension justifies scaling law
but may not be strictly fulfilled

with Tikhonov regularization
broad distribution, incompatible with single species
“Bayesian prior” regularization method sometimes too rough
prior assumption of few discrete species often reasonable
susceptibility to systematic errors?




